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ABSTRACT: Wind power prediction is an interdisciplinary
application and also a mutual fundamental discipline. Global
state-of-art of prediction error is even below 3%, whereas in
China more efforts should be made to top out. According to
present trend, benefits of accuracy improvement from
accumulative data slow down, and incredible breakthrough of
numeric weather prediction (NWP) is unexpected. For wind
power prediction in near future, it is important to improve
prediction skills in every step considering NWP limits, select
and combine proper methods to reduce the final 2%-3% in
error learning curve. Experiences show that accuracy of bad
case could be improved remarkably by making comprehensive
efforts, including optimizing NWP modeling parameterization,
improving accuracy and self-adaptive capability of wind power
output model, applying data from various sources, and

nonlinear error correction considering spatial relativity.
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Fig. 2 Factors impacting prediction accuracy
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Tab.1 Error evaluation after all improvements
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Fig. A5 Performance improvement from anti-overfitting
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